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AX =0+ BX_+€, (Random Walk with Drift) )
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p221) 139 ﬁuﬁﬁﬂﬂa MacKinnon (MacKinnon Critical Value) (Gujarati, 1995, p769)
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s luanmsiuszdosiuinwonozi Iinaimanuaainmasy (Eror Terms) HanHae
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[l @ (% a 1 o ] 4
annoasIuiu ldreny (Cointegration Regression) AomANAMIUsEIIUAIANNTUNUT
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Mackinnon (Mackinnon Critical Value) Taen
A 1= 1 @ Y v ) . .
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3 1 4
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| I 1 A [T
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Y
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#1871 (Cointegrated Variables) A® 391381 (Time Path) vosilsmani 145usnanannms
L‘ﬁ'mmu (Deviations) 91NAAYNINITL82817 (Long-Term Equilibrium) LLazﬁlﬁz‘umzﬂé’ﬂﬂd
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‘Vli]‘lel{,d] Granger Causality
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DATNIA DUNDI (2550) 1A M3AAIH lugaumsaanssluuuuiaesaums
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< % I I
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Asnsamuraniilvainiuelsdsiuinns wensaldesnga utlunislsvan
4 I~ @ I I 1 @
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]
v A

' ] IS
vinauuaAgIurania “H: X 1u1&iduaungues Y (X does not Granger Cause Y)”

9

b

[

Y 1 T

tA1 F-Statistic Nf1uald1gan11A1Inga [Prob. < O naaed Ufasaunagiuvan (H,)

E')
]

1 I = o = o a o A
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