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Abstract

With the fact that music has always gained lots of interest from people and the increasing
number of audio and acoustic recordings nowadays, researches in the field of Music Information
Retrieval (MIR) have received much attention. Melody extraction is one of the problems in this
research field that many researchers are trying to solve. It is still considered as an open problem
since there is no method that has widely recognized as the best method for solving this problem.
Melody is also considered as one of the most significant information of a song. So, it is crucial
information to various applications.

In this research, we have developed a system for’Singing Melody Extraction from
Polyphonic Songs”. In polyphonic songs which comprise of both a singing voice and
instrumental sounds, most of melodies come from pitches of the singing voice. Thus, our
research tries to extract melodies that come from that singing voice. Our approach of singing
melody extraction composes of 4 main steps. The first step is to increase the dominance of
frequencies that are likely to be fundamental frequencies of harmonic structured sounds which is
one of the characteristics of instrumental sounds and singing voices. We have developed a
suitable method for creating a Time-Frequency (T-F) map that is called”Modified Sub-Harmonic
Summation (MSHS)”method. The second step of the system is to eliminate frequencies from

instrumental sounds. The next step is to estimate the melody region since melody pitches are



usually in the same octave or the octave nearby. Thus, estimating the melody region can
decrease the problem of octave error which is a common problem in pitch detection. In the last
step of the system, singing melody is obtained by extracting most dominant pitches of each time
frame from the melody region.

We tested our system with the standard datasets and grouped test files into smaller data
groups according to their characteristics. The experimental results show that the system’s
accuracy varies by input’s characteristics. However, the results also show that in most data
groups, the system’s accuracy gets higher in each process of the system. Lots of candidates can
be eliminated while maintaining the decreasing number of the candidates matched accuracy to be

low in most cases.



