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inBon laetuud1aodladn (Logit Model)

Multinomial Logit Model
Maximum Likelihood Estimates
Model estimated: Mar 15, 2012 at 00:40:25AM.

| |

| |

| |

| Dependent variable NEED |

| Weighting variable None |

| Number of observations 480 |

| Iterations completed 5 |

| Log likelihood function -308.7520 |

| Restricted log likelihood -322.6358 I

| Chi squared 27.76759 |

| Degrees of freedom 8 |

| Prob[ChiSgd > wvalue] = .5205177E-03 |

| Hosmer-Lemeshow chi-squared = 8.40235 |

| P-value= .39519 with deg.fr. = 8 |
B ettt ettt e +
e fom e o o Fomm fom +
|Variable | Coefficient | Standard Error |b/St.Er.|P[|Z|>z] | Mean of X|
fomm o o o Fomm fom +

Characteristics in numerator of Prob[Y = 1]

Constant -.49386735 .40684593 -1.214 .2248

INCOME -.01453847 .00795848 -1.827 .0677 30.9690279
EXPENDIT .03227633 .01197045 2.696 .0070 20.5548370
DEBT -.882047D-04 .00026729 -.330 L7414 199.553338
SAVING -.48328204 .22591429 -2.139 .0324 .68541667
WELFARE .24585773 .20918666 1.175 .2399 .58125000
DEPENDEN .12235734 .22059064 .555 .5791 .68541667
RESPONSI 1.29229949 .57215328 2.259 .0239 .03333333
HEALTH -.20541582 .20324193 -1.011 .3122 .37500000
- +

Information Statistics for Discrete Choice Model.
M=Model MC=Constants Only MO=No Model

Notes: Entropy computed as Sum(i)Sum(j)Pfit(i,j)*logPfit(i,]j) .
Normalized entropy is computed against MO.
Entropy ratio statistic is computed against MO.
BIC = 2*criterion - log(N) *degrees of freedom.
If the model has only constants or if it has no constants,
the statistics reported here are not useable.

| I
| |
| Criterion F (log L) -308.75200 -322.63579 -332.71065 |
| LR Statistic vs. MC 27.76759 .00000 .00000 |
| Degrees of Freedom 8.00000 .00000 .00000 |
| Prob. Value for LR .00052 .00000 .00000 |
| Entropy for probs. 308.75200 322.63579 332.71065 |
| Normalized Entropy .92799 .96972 1.00000 |
| Entropy Ratio Stat. 47.91730 20.14971 .00000 |
| Bayes Info Criterion 666.89428 694.66187 714.81158 |
| BIC - BIC(no model) 47.91730 20.14971 .00000 |
| Pseudo R-squared .04303 .00000 .00000 |
| Pct. Correct Prec. 61.87500 .00000 50.00000 |
| Means: y=0 y=1 y=2 y=3 yu=4 y=5, y=6 y>=7 |
| Outcome .6021 .3979 .0000 .0000 .0000 .0000 .0000 .0000 |
| Pred.Pr .6021 .3979 .0000 .0000 .0000 .0000 .0000 .0000 |
| |
| I
| |
| I
| I
| I

| Partial derivatives of probabilities with |
| respect to the vector of characteristics. |
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| They are computed at the means of the Xs. |
| Observations used are All Obs. |

e +
fmmm fmm e~ o tomm - ———— e +
|Variable | Coefficient | Standard Error |b/St.Er.|P[|Z|>z] |Elasticity|
fomm o~ B Fomm————— o o +
Characteristics in numerator of Prob[Y = 1]
Constant -.11776226 .09658001 -1.219 L2227
INCOME -.00346669 .00189180 -1.832 .0669 -.27351086
EXPENDIT .00769626 .00285242 2.698 .0070 .40301981
DEBT -.210323D-04 .637350D-04 -.330 .7414 -.01069250
Marginal effect for dummy variable is P|1 - P|O.
SAVING -.11673586 .05484844 -2.128 .0333 -.20384093
Marginal effect for dummy variable is P|1 - P|O.
WELFARE .05830552 .04926772 1.183 .2366 .08633861
Marginal effect for dummy variable is P|1 - P|O.
DEPENDEN .02902285 .05202082 .558 .5769 .05067889
Marginal effect for dummy variable is P|1 - P|O.
RESPONSI .31034221 .12224698 2.539 .0111 .02635433
Marginal effect for dummy variable is P|1 - P|O.
HEALTH -.04866784 .04778338 -1.019 .3084 -.04649495
o e +
| Marginal Effects for|
fmm - o +
| Variable | All Obs |
fom - o +
| ONE | =-.11776
| INCOME | -.00347 |
| EXPENDIT | .00770 |
| DEBT |  -.00002 |
| SAVING | -.11674 |
| WELFARE | .05831 |
| DEPENDEN | .02902 |
| RESPONSI | .31034 |
| HEALTH | -.04867 |
fom - e +
e +
| Fit Measures for Binomial Choice Model |
| Logit model for variable NEED |
e +
| Proportions P0O= .602083 Pl= .397917 |
| N = 480 NO= 289 Nl= 191 |
| LogL = -308.75200 LogLO = =-322.6358 |
| Estrella = 1-(L/L0O)"(-2L0/n) = .05742 |
B et i +
| Efron | McFadden | Ben./Lerman |
| .05531 | .04303 | .54750 |
| Cramer | Veall/Zim. | Rsgrd ML |
| .05563 | .09536 | .05621 |
e +
| Information Akaike I.C. Schwarz I.C. |
| Criteria 1.32397 673.06807 |
e +

Frequencies of actual & predicted outcomes
Predicted outcome has maximum probability.

Threshold value for predicting Y=1 = .5000
Predicted
________________ + —_—————
Actual 0 1 |  Total
________________ + e —
0 251 38 | 289
1 145 46 | 191
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Total 396 84 | 480

Sensitivity = actual 1ls correctly predicted 24.084%
Specificity = actual 0s correctly predicted 86.851%
Positive predictive value = predicted 1ls that were actual 1ls 54.762%
Negative predictive value = predicted 0Os that were actual O0s 63.384%
Correct prediction = actual 1ls and 0Os correctly predicted 61.875%

False pos. for true neg. = actual 0s predicted as 1s 13.149%
False neg. for true pos. = actual ls predicted as O0Os 75.916%
False pos. for predicted pos. = predicted 1ls actual Os 45.238%
False neg. for predicted neg. = predicted 0Os actual 1s 36.616%

False predictions = actual 1ls and 0Os incorrectly predicted 38.125%
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