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G, (U,V| Ft—l) = ht (X’ Y| Ft—l)/ ft (X|thl)'gt (Y| Ft—l)
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Fea15odseuamaulseansvesmas WasuanuruUus W Iun Al a 099
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0, =argmax L(0, ) =argmax Y log f, (x;6,)
t=1

ég = arg max L(6, ) = arg max Zlog 9, (Y::0y)

t=1

AR DT VBINAKNDS MILINLIUU VAT
éf ,ég =arg max[L(gf) + L(gg)]: arg max tZ;:[Iog f (x;0¢)+log g,(y,; 0, )]
nMsUsznammsuumesvesnoulat 6, 9nde 1
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