d' A Y Y a = =} 1 ) L4
Foiseamsnua U asy madSeunsuanuuius lun1sne1nIais1al
NENNSNITE N INUBUT 10T 0aIlAATA AU

o = = ]
HUUIIADIDITN AL BION
= a A 1Y =4
AIE Y Weren  auaiig
Sqyan AT HIAAATNT NG

d‘ = Yy Y a
amznssumMsndanmmsauamuudasy
4
ATNIIANA AR YIEHUNTINMNT
5A.05. 1575 IAIHIFITN NITUMS

HELANTY I8z NTINNT
% )
UNANYD

== A = = ] ) L4 @ [ 4 J
fﬂﬁﬁﬂ‘]&ﬂli@\‘lﬂ'lilﬂ'iEl“lJWlEJUﬂ'ﬂﬁJl!lluEﬂsluﬂTi‘WﬂWﬂiﬂ!i'lﬂ'lWﬁﬂﬂiWElﬁ%ﬁ')'l\‘l
° A & ad o o = ¢/ 3 Ao 7 A °
UUUVIBIUITDAUUALITANUVUUUVINADIDITUULASNITYLIOY M?ﬁi]ﬂﬁ$ﬁ\‘lﬂLWﬂ1’i'lll‘U‘Uﬂ1a@\1
a <3 ad A A ) o 4 o v = =
HUITDAUUANTANN VIS AUNTAT IV IUDITWIINTUIIATNANNINY LIS L‘]J'ifJ‘UWIfJ‘Uﬂ’J"IiJ
) J ' o a S ad o o ~ = =]
L!,iJ‘L!fJ']Gl‘LlfﬂiWﬂ?ﬂiﬂ!i%ﬁ??\ﬂlﬂﬂ‘ﬂ?ﬂ@\‘]“?ﬁ’f)'dLuﬂl'lﬁﬂﬂ‘ULL‘UUﬂWaﬂ\iﬂ"liiﬂllagﬂﬂ"lﬁslﬂﬂil Glu
= Yo A Y @ v J 1 v A
ﬂ']iﬁﬂ‘k!"liﬂfﬂ‘]fﬂﬁ'lﬂT?j‘L!ﬂﬁ'lﬂﬁaﬂﬂ3WfJLL1"i\T]J§$L°VIﬁ1‘VIfJ (SET Index) A¥U SET50 5101
[V v d a o & @ o daa 1 dy 1 )
UaNNINgUIUI¥N PTT TPI 1ag BBL “B\ilﬂuﬂaﬂﬂﬁw‘c’J‘VINiJ“aﬂ'lﬂ'lﬁclf@‘llWqu‘iq@GluGﬁ'Nﬂ
Y Y 3 To A = 1Y) I o @
2546 — 2548 Tﬂﬂﬂl%mayjamumum 1 UNTIAN 2546 D4 31 TUIAY 2548 LIIH%TIJ'J‘L! 783 U
] I 1 v o 4 o
ﬂ"liﬁﬂi&l”lllﬂ\ilﬂllﬁﬂﬁﬁﬁlu E‘T'J‘Llll,ﬁﬂ'i/ﬂﬂ?iﬁﬂ'kﬂ!ﬁﬂﬁulﬂlﬁnﬁﬂﬁ Neural Networks
Az uUDT1a09 ARIMA  with EGARCH-M fiafigaussdeyauaaziye e lddrmisums
d ~ I o L4 o 3 =l =} o Y
NWITNTU ﬁ'J‘L!‘VIﬁ@\‘]L‘]JLlfﬂil!WlafﬂiWﬂTﬂiﬂl"U’t’)\ul‘U‘Uﬁ]Ta’t’)\i‘ﬂ\‘lﬁ@QNTLﬂifJ‘]JWIEJ‘]_IﬂHTﬂfJGlGHﬂT
MAPE (Mean Absolute Percentage Error)
HAMSANEINYIINMINEINTBIYoYa SET SET50 PTT TPIuag BBL A1euuuiiasa

Neural Networks 1aA1 MAPE 11181 1.2956 12928 1.5367 3.4879 1Az 1.1967 A1Ua161



AUV VI1809 ARIMA with EGARCH-M 1dA1 MAPE 11111 0.5972 0.6980 1.1554 2.1304
Y v Y
1Az 0.9382 audiay aaiulunsdnyiadaiiiielsziiudies MAPE 1uU$1a09 ARIMA with
1 ) 4 1 )
EGARCH-M Ianuusiud1 lunsne1nsalgan1uuus1aod Neural Networks
v 1 1 Y Y

AMigANDU109 Neural Networks  HAMUNUSIRINIUTDIINMISANEIAG T
¥ ' v o A ) o g Yo v o Y o
YounnIdlumsaduuuiiaes laslinsasauuuiiaesn lginuteyatiniaziiuiu
a . a dy A o ) [ 9 o
1250alu hidden  layer mamsau 1 wenaptiniTaenuuudiaeadmsulagnernsailay

k4
#91501191091 MSE siuetanailaym over fitting 14



Independent Study Title Accuracy Comparison in Securities Price Forecasting

Between Neural Networks Model and EGARCH-M

ARIMA Model
Author Mr. Jitti Tunsenee
Dgree Master of Economics

Independent Study Advisory Committee

Dr. Songsak Sriboonchitta Chairperson
Assoc. Prof. Dr. Krisorn Jittorntrum Member
Asst. Prof. Komsan Suriya Member
ABSTRACT

This study was intended to arrive at the best performing Neural Networks Model in
forecasting securities prices and to compare the power of this Model and that of ARIMA with
EGARCH-M Model in accurate prediction. At utilized SET Index, SET50 and prices of PTT,
TPI, and BBL securities which had the highest trading values in the Stock Exchange of Thailand
(SET) during 2003 — 2005; and the data covered daily observations from 1 January 2003 to 31
December 2005 making it 783 days in total.

The study was divided into two parts. The first part involved the identification of the best
performing Neural Networks and ARIMA with EGARCH-M models for each set of data for
prediction purpose. The second part dealt with comparison of predictive power between the two
models based on MAPE (Mean Absolute Percentage Error) criteria.

The predicted values of SET, SET50, PTT, TPI and BBL from Neural Networks Model
application yielded the MAPE values of 1.2956, 1.2928, 1.5367, 3.4879 and 1.1967, respectively.

Meanwhile, the case of ARIMA with EGARCH-M Model got the MAPE values of 0.5972,



0.6980, 1.1554, 2.1304 and 0.9382, respectively. Thus, it could be concluded that the latter model
had relatively more accurate predictive capability.

The reason for Neural Networks Model to perform poorer in predictive capability was the
drawback in model construction in terms of overuse of data entry and overuse of neurons in
hidden layer. Furthermore, the selection of forecasting model based on MSE value might lead to

the problem of over-fitting.



