darFaanisAuATILULARTsI@ PN inus MINAREUANYR §ARRLIENAR I Tz Ng

Tnedtiusdeu
fadideu WYBTUS  LATHIN
WemgRsuIudn greinaifdseyned

ATENTTUNITRBLNITABAIIMULARS LTI NI DN US -

Jitudramsansdimung Afmunad  wsssrunssunig

SONANERTIANTE N3t Fum AT NITNNNT
TEANARTANTEIGTUNT 2UILANG N3TNNI3
UNARER

lumiﬁnmﬂ%’qﬁﬁf‘iﬂqﬂi:mﬁﬁmﬂﬂuLﬁﬂumamswmaﬂummLmehwaam
AT BIABIL T TIINI T IN E NVAR LA A LA R s L S e InsaBIANILNTOT
resnilen Aruaudianla usndoulilsunsuroufiamednei@alumsmagey IneAnendaya
ﬁﬁﬂ'ﬁ‘j‘tlﬂﬂLL'NLL'U“]_I@:LIN‘Wﬂi@ﬁﬂ‘qﬂﬂ’]‘a‘LL@ﬂLL'NW‘WL’J‘a‘ﬁﬂﬂ“ﬁﬂLLL"LJL%?J@LL@:HW?LL’QHLL@QLLUU
Wuan Avussmasaruudsdsnatly 123 16 way 110 VUIRAIBLINLLIU 5, 15 ey 26
NRNIFANMANLIT
1. lunstinasuanuaadl wdng Vg &t a v apauissiiluzeaniniis
d‘ = qll 4 =i o & 0 oo o 9 = i
AINARIALARELTUAY 1 InAlAssiunmeT  uazgendnaifiudiFeu anfunsdings
ar [ [ 4 1 a . [ c'l dl oo o
Rt NIUAANATINLLTURUgaiunguset AT Anussusn  FeaRETIey
vnliifinanuhasniussniafinaueainipdeuaing | FENIUNUTINUUANAN Ue
Wengunamsmageugeniadmiudiy
= W -:!\l = : 1 oo o aa & 9
2. neninsuanuasiuidaiendiiuuidoariog affuazadfudFauldan
] [ = d' o adl clt ) rdl o 4 ) 2o
ArdRzfuIasnsfinaNAaIaeaeuIing 1 sandunmyTisualiuan uslden

SMNANNINRABLGINTNE D LT e



3. nsdiniruanuasanuaneag  sRATIEAAminesiureaninia
- a a el 'y L aa & = % o
ANNARIALAREUTUAY 1 gandifiduueliunn uargendnadmudifou wazldisunanng
nagaugendataudidey dousdfiddeuwinliaarnuinaniureanisfiseiueais
4 e s ye ‘
PROUITNAY 1 Yournuaz e unansnagaLIsINan
= " < @l 0w . o
4. nInimauAnuRaLAYig - abavmnideianutitasitlueesninfisainaais

wdeutilafl 1 uanifisdrunsmmaseugendnabiiudifou andunsaifetiaunsgn

@ ar

AvHLLTlnugaiufet v s lugarudsdsousn - adfiedidouldaanuinantly

INNIRAPIINARIAPRENTHAT 1 LAYENINANTPAOLIGINIATAT

| Y]

5. NIINTTUANKAIUNBALNTUANLALL LY A0A7 AN s ueesnte
ay t:‘:l‘ —, dl B N r-‘-‘dlﬂ s 1 ¥ =y ey & = 2
INPAMHARIALARRUTUAY) 1 Usundnnmusinnimuald  wivinndnadfiudifou wasls
81UNANINAARUGINIIA DAL Ty

6. natifimausnuasiagbidumausnusalnd  adfweFeuldaanminasiy

{
=]

ﬁ#ﬂﬁﬂ’]ﬁ‘Lﬁﬂﬂ’J’mﬂﬂ’TﬂLﬂaﬂu“ﬂﬁﬂﬂ 1 LL@x‘aD’]uﬂ’ﬂﬂ’Wi‘VIﬂﬂﬂUﬁﬂﬂN’]ﬂ Iﬂf_ILﬂW’}:,’Lfl‘E]ﬂWﬁ‘

o

=l e [~ Dl & ] = = 2 4‘“ L
uanuainanise iunrsuanuasgsgue EBESUALNINANAN gnULNanIsLaniasiily

mMauanuasauiaendiliuudeauarnisuaniasasdiuans wamuusnisuanuasina sty

o

[ o Q” = 0 ' aoaal [ N P EY
iumsuanuasiuibaendiliuudaaldennanevasaugandtaing - A uiuadaniiale

ArauenilureInMsiaANAaIARARUIRAT 1 FINdnUFTR A MUANIn andunso

ar  gr

siratwsdnAMuLlslmugeiufetunauanuulsumus  Aranudiazfly

'
= o

IEINMNAAAMINARIAAREUTTAT 1 gandTinuuANIN



Research Title  Hypothesis Testing of Two Population Means by Bayesian Method.
Author Mr. Anan Dejprom
M.S. Applied Statistics

Examining Committee :
Asst. Prof. Wattanavadee Sriwattanapongse Chairman

Assoc. Prof. Paitoon Tankasiri Member
Assoc. Prof. Surin Khanabsakdi Member
Abstract

The purpose of this study was to compare between classical statistics and
bayesian statistics on hypothesis testing of two population means. The data was
generated by Basic programming with Monte Carlo simulation method. The
distribution of data was symmetry distribution from exponential power function and
asymptotic with positive skewness distribution, the variance ratio is 1:3, 1:5 and 1:10,
and samples size is 5, 15 and 25.

The result from the study were summarized as follows :

I In case of normal distribution, the probability of type I error of t-statistics
was near criterion and more higher than bayesian statistics, but in case of small
samples size with high variance and large samples size with low variance, the
probability of type I error of t-statistics was much higher than criterion. However,
power of test of t-statistics was still more than bayesian statistics.

2. In case of double exponential distribution, the probability of type I
error of both t-statistics and bayesian statistics were lower than criterion. Power of
test of t-statistics was still more than bayesian statistics.

3. In case of uniform distribution, the probability of type I error of t-statistics
was much higher than criterion but for of bayesian statistics, the probability of type I
error was near criterion. Power of test of t-statistics was more than bayesian statistjcs.

4. In case of positive skewness distribution, both of the probability of type
Ierror and power of test of t-statistics were more than bayesian statistics, except the
case of small samples size with high variance and large samples size with low
variance which the probability of type I error and power of test of bayesian statistics
were more than t-statistics.

5. In case of normal and others distribution, the probability of type | error
of t-statistics was less than criterion but more than bayesian statistics, and the power
of test of t-statistics was more than bayesian statistics.

6. In case of not normal distribution, both of the probability of type I error
and power of test of bayesian statistic were very small, especially when the posterior



distribution was uniform distribution and less than t-statistics. Except the case of
double exponential distribution and uniform distribution, the power of test of bayesian
statistics was more than t-statistics. For t-statistics, the probability of type I error was less
than criterion, except the case of small samples size with high variance and large sample
size with low variance, the probability of type I error was more higher than criterion.



