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4.3.1 mamaaummﬁwm%’m&a (Unit Root Test)
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4.3.2 11099 Auto Regressive Integrated Moving Average (ARIMA (p,d,q))
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4.3.3 uUV1a84 Univariate GARCH
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4.3.5 UUVI1a84 Constant Conditional Correlation (CCC)
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4.3.6 HUUVIIAB Dynamic Conditional Correlation (DCC)
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