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ABSTRACT

This study aimed to identify the best ARIMA, GARCH-M, E-GARCH and GJR models
for gold price prediction as well as to compare the predictive ability of the four models on the
minimum MAPE value criteria. Data were based on daily closing price of gold from January 5,
2007 to August 3, 2009 covering 672 observations.

The application of ARIMA model found that the time series are stationary at the second
differencing, and MA(1) is most efficient in forecasting with the lowest MAPE and RMSE
values.

For time series GARCH-M model, the result shows stationary at the second differencing,
and AR(1) AR(2) AR(3) AR(4) AR(5) AR(6) AR(7) AR(8) AR(9) with GARCH-M(1,1) turned
out to be most appropriate for forecasting purpose due to the lowest MAPE and RMSE values.

For time series E-GARCH model, the result shows stationary at the second differencing,
and MA(1) with E-GARCH(1,1) turned out to be most appropriate for forecasting purpose due to

the lowest MAPE and RMSE values.



For time series GJR model, the result shows stationary at the second differencing, and
MA(1) with GJR(1,1) turned out to be most appropriate for forecasting purpose due to the lowest
MAPE and RMSE values.

From the comparison of MAPE values among the four optimal models, it can be
concluded that E-GARCH is most efficient in predicting gold price followed by ARIMA, GJR
and GARCH-M.

From the comparison of RMSE values of the four optimal models, it can be concluded
that E-GARCH is most efficient in predicting gold price followed by ARIMA, GJR and GARCH-

M.



