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ABSTRACT

This study attempted to identify the best Neural Networks model for gold price
prediction and to compare its predicted values with those from ARIMA and GARCH-M models’
application. It was based on the time series of daily gold bar trading prices from January 2, 2004
to March 28, 2006 covering 550 observations, and made 50 days forward forecast.

The gold price prediction based on the Neural Networks model which yielded the lowest
Mean Absolute percentage Error-MAPE of 2.05 came from the model structure that first having
10 neurons and the second 30 neurons.

The most appropriate ARIMA model was found to be ARIMA (6,2,0) which had the
MAPE value of 0.66, while the best GARCH-M model was GARCH-M (1,3) developed from
ARIMA (6,2,0) which had 0.76 MAPE value.

Upon the MAPE values, it can be concluded that the model having the most accurate

predicting power was ARIMA followed by GARCH-M and Neural Networks models



respectively. The reason for ARIMA to be most accurate in predicting gold prices is the nature of
the model itself which has been developed directly for time series application. Its salient feature is
the use of error term as explanatory variable, hence compatible with the nature of inconsistent
gold price movement. The Neural Networks model does not cover such variable making its

predictive ability less efficient compared to ARIMA and GARCH-M models.



